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Abstract

A conditional semicoarsening multigrid algorithm is developed for the Poisson equation on stretched grids. The
smoothing behaviour of the pointwise smoother, as predicted by local Fourier analysis, is used to determine how to
coarsen the grid. This process ensures that the smoothed error can be adequately resolved on the coarse grid, which
results in an efficient multigrid algorithm that is simple to implement. The use of a pointwise smoother increases the
degree of parallelism of the algorithm.

The resulting algorithm is tested on several different grid types, some with very high degrees of stretching. The com-
putational cost is found to scale almost linearly with the number of grid points, and parallel efficiencies of over 90% are
achieved even for very coarse grids.
© 2005 Elsevier Inc. All rights reserved.

1. Introduction

Multigrid techniques are commonly used to accelerate the convergence when solving elliptical problems
iteratively. The basic idea behind multigrid algorithms is that a smooth error can be approximated on a
coarser grid (see, e.g., Trottenberg et al. [1]). For simple, isotropic, problems, even simple smoothers
(e.g., pointwise Gauss—Seidel) efficiently yield a smooth error in all coordinate directions, and hence a grid
that is coarser in all coordinate directions can be used. In three dimensions, this yields a coarser grid with 8
times fewer grid points if standard 2:1 coarsening is used. For anisotropic problems, however, the situation
becomes more complex. Pointwise smoothers typically only yield a smooth error in some direction(s). A
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grid that is coarser in all directions can then not represent the error adequately, which results in either poor
convergence or divergence of the algorithm. Anisotropic problems arise either due to anisotropy of the
underlying physics, or perhaps more commonly due to the use of non-uniform grids, which makes the dis-
crete problem anisotropic.

There are essentially two different approaches to ensure good multigrid convergence on anisotropic
problems [1]: either to adapt the smoother such that the error becomes smooth in all directions, or to adapt
the coarsening of the grid such that the grid is only coarsened in directions where the error is smooth. One
common method in the first category is the use of block-implicit smoothers, e.g., plane-smoothers, which
update all grid points in a plane simultaneously. If the planes are swept in all directions (e.g., in the xy-, xz-,
and yz-planes) sequentially, the resulting error is smooth in all directions and standard coarsening can be
used. The increased cost of this method lies, obviously, in the increased cost of the smoother. The second
category of methods is typically called semicoarsening, and is the focus of the present study. In these meth-
ods a simple (e.g., pointwise) smoother is used, and the increased cost lies in the fact that the coarser grids
have relatively many grid points.

In some special situations, the error after the smoothing step is smooth in the same direction(s) in the
whole domain, and hence the application of semicoarsening is trivial and yields coarser grids that are struc-
tured (assuming that the original grid is structured). For most problems, however, the error is smooth in
different directions in different parts of the domain. Application of semicoarsening on a local level, i.e.,
for each grid point separately, would then yield coarse grids that are unstructured, which increases the com-
putational overhead of the solver substantially.

The present study uses semicoarsening in a somewhat intermediate sense: it is applied locally, while
requiring the resulting coarse grids to maintain their structured topology. This is possible by not consider-
ing independent grid points, but rather planes of grid points in all coordinate directions. The algorithm
yields coarse grids that are not optimal locally, but for which good convergence can be achieved using
pointwise smoothers. The use of a pointwise smoother results in an algorithm that is highly parallel and
simple to implement.

In the following, the conditional semicoarsening algorithm is presented and tested. It is then applied
to the Poisson equation for pressure in a fractional step method for the incompressible Navier-Stokes
equations. Fractional step methods (see, e.g., Ferziger and Peric [2]) are quite popular for unsteady
fluid flow calculations, such as direct numerical simulations (DNS) and large eddy simulations
(LES). In such methods, the solution of the Poisson equation is typically the most time consuming part
of the method.

2. Governing equations

The Poisson equation for an unknown function p can be written as
op

@:qa (1)

where ¢ is a known source term. Discretization of Eq. (1) on a structured grid using a 7-point stencil (in
three dimensions) yields

acp, =+ Zanbpnb =4 (2)
nb
where a. and a,,, are the diagonal and off-diagonal matrix coefficients, respectively. The subscript nb here
refers to the neighbouring grid points, i.e., nb € {E, W,...} (east,west,...neighbours). The matrix coeffi-
cients are completely determined by the geometry of the grid.
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3. Multigrid algorithm

A multigrid algorithm has several components to it that need specification, such as the smoother, the
intergrid operators, and the cycle type. Since the semicoarsening algorithm can be used on any struc-
tured grid, the different directions are referred to as the i-, j-, and k-directions, respectively. Some exam-
ples are given for the special case of Cartesian grids, where the (x,y,z) directions are equivalent to the
(i,j, k) directions.

3.1. Smoother

Since one goal of the present study is to develop a highly parallel solver, the red-black point Gauss—
Seidel (RBPGS) smoother [1] is used here. The implementation pays careful attention to the parallelism
by minimizing the communication overhead. Each smoothing sweep consists of the following steps, where
red points are those where the sum of the indices (in the i-, j-, and k-directions) is odd, and black points are
those where the sum is even:

(1) smooth red grid points adjacent to processor boundaries;

(2) initiate communication of those points;

(3) smooth red grid points away from processor boundaries (i.e., in the interior of each processor’s
domain);

(4) finalize communication of red grid points;

(5) repeat for black grid points.

All communication is handled by message passing interface (MPI) and is of the ‘non-blocking’ kind.

When used in multigrid, the performance of a smoother is best quantified in terms of the smoothing fac-
tor u. The smoothing factor is essentially the worst reduction in magnitude of those Fourier modes that
cannot be represented on the coarse grid (see, e.g., Trottenberg et al. [1]). Yavneh [3] used local Fourier
analysis to derive analytical formulas for the smoothing factor when using the RBPGS smoother combined
with semicoarsening in different directions. In order to make use of these formulas, the coefficient strength
in a certain grid direction is defined here (arbitrarily) as

2 2
a; = 1/"E""Taw7 (3)

and similarly in the other directions, and the normalized coefficient strength becomes

aq
a;+a;+a;

aq , de€ {iajak}' (4)

If I.. is the set of all directions that are coarsened locally, then Yavneh [3] showed that the smoothing factor
predicted by local Fourier analysis can be written as

[ = max {(1 - &min)2¢(&min7 v, #10)7 C(V)}ﬂ (5)
where
&min = It}lelll;l {&d}y (6)

where v is the total number of smoothing sweeps, #/. is the number of directions being coarsened, {(v) is a
lower bound on u, and
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1+ aumin/ 2(1 = i)' i #Le = 1,

1 if #1.> 1. @)

d)(amina v, #]c) = {
Eq. (5) can hence be used to calculate the smoothing factor once the coarse grid has been constructed, i.e.,
when /. is known. The lower bound {(v) is only dominant when a large number of smoothing sweeps are
performed. ¢(amm, v, 1) is a decreasing function of v and an increasing function of a,,, but is always greater
than or equal to 1.

In another contribution, Yavneh [4] found that the smoothing behaviour of the RBPGS can be improved
by the use of over-relaxation (see, e.g., Trottenberg et al. [1]). Assuming standard coarsening, the optimum
over-relaxation parameter » was found to be

o ~ 2 . (8)
L 4/1 = (1 = amin)?

For uniform grids in three dimensions, wep ~ 1.15.
3.2. Semicoarsening

In light of the underlying ideas of multigrid, the goals or requirements of the semicoarsening procedure
can be stated as to, given a fine grid, construct a coarse grid that:

(1) is such that the error on the fine grid is sufficiently smooth for all grid points/directions that are coars-
ened, i.e., that

U Hiim, )
where pyi, is some maximum allowable smoothing factor;

(2) has as few grid points as possible;
(3) has a structured topology.

The first two requirements are met by attempting to coarsen the grid as much as possible, while still satis-
fying condition (9). The third requirement imposes limitations on the coarsening process. In the following, a
finite volume discretization with colocated (cell-centred) storage of variables is assumed.

It is quite natural to attempt to use Eq. (5) to predict u such that it satisfies condition (9), but this re-
quires the knowledge of I, for every cell. The goal of the semicoarsening is to determine /., and hence it
is clear that 7. is not available until after all cells have been processed. Therefore, an assumption has to
be made. Here, the correction factor ¢(amm, v, #I.) is neglected, and then (while also neglecting the lower
bound {(v)), Eq. (5) becomes

1= (1= amn)™. (10)

From the definition of a;,, condition (9) then becomes

2
(1 —min{&d}> :max{(l —ad)z} <ty (11)
del, del.
which is equivalent to saying that only if (1 — a,)* < g, can the cell be coarsened in direction d without
violating condition (9).

To ensure a structured topology of the coarse grid, whole planes of cells need to be treated consistently in
every direction. Consider the grid in Fig. 1. To maintain a structured topology for the coarse grid, cells A
and B cannot be coarsened in the i-direction without every cell in between them being coarsened as well (by
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Fig. 1. Sample grid.

removing grid line C). Denoting the /th plane of cells with constant index d € {i,j,k} by P!, the require-

ments of the semicoarsening listed above are satisfied if the cells in P, are coarsened in direction d only if
max { (1 = a)° | < - (12)
d

The algorithm for deciding which planes P/, to leave uncoarsened due to coeflicient anisotropy can then be
written as:

Algorithm 1

for all cells do
compute the normalized matrix coefficients (a,) by Eq. (4)
for all directions d do
if (1 —ay)” >t then
leave plane normal to the d-direction uncoarsened
end if
end do
end do

When coarsening grids with an even number of cells in every direction, it is natural to remove the
even-numbered grid lines (such as C in Fig. 1). When a grid has an odd number of cells in some direc-
tion, one must either merge three cells into one somewhere, or leave some plane uncoarsened. In the
present application, which by nature involves leaving planes of cells uncoarsened, the latter approach
is used.

To decide which plane P/, to leave uncoarsened due to an odd number of cells, it is first noted that
only those planes with / odd should be considered. To see this, consider the j-direction in Fig. 1. If, for
example, P/Z. is left uncoarsened, then P/l. cannot be coarsened either. If, however, the planes with
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[=1,3,5 are chosen, this situation is avoided. To satisfy requirement 2 above, that the coarse grid has
as few cells as possible, one should not leave more planes than necessary uncoarsened. This is achieved
by the following algorithm for choosing which plane to leave uncoarsened due to an odd number of
cells:

Algorithm 2

for all directions d do
if the number of cells in d is odd then
for /=1,3,5,... do
M, =max {(1 — a,)’}

enddo e
leave plane P4 with k = argmax {M,} uncoarsened
. !
end if
end do

The algorithm above finds the odd plane with the worst smoothing factor and leaves this uncoarsened.
The full implementation involves applying both algorithms to flag planes as unsuitable for coarsening, fol-
lowed by straightforward construction of the coarse grid.

To get a sense for what these algorithms do, consider, for example, Eq. (1) discretized on the grid in Fig.
2(a), which shows an jj-slice of the grid. The anisotropy of the discretized problem is then completely re-
lated to the grid geometry. The grid has a maximum aspect ratio AR of 10, where

AR — {max{Ax, Ay, Az}} (13)
~ il | min{Ax, Ay, Az} |

The cells in the upper right corner are close to isotropic, and hence (1 — a;)* ~ (1 — &j)z ~(1—a) ~1/3.
The cells in the lower right corner, on the other hand, are highly stretched, and hence the error will not be
smooth in the i-direction ((1 — a;)* ~ 0.98). The planes of cells in the i-direction flagged as being left
uncoarsened by the two algorithms are shown above the grids in Fig. 2. Note how the coarser grids have
relatively many cells, but also how the cells do become more and more isotropic.

The only parameter of the algorithm is the value of ;. The optimum value of this parameter will be
determined by numerical experiments on a three-dimensional unit cube in Section 3.4. Note that py, = 1
corresponds to standard, uniform, coarsening.

The number of cells in the coarse grids is, of course, dependent on ;. This is illustrated in Fig. 3,
where the number of cells NV on each grid level is plotted for some values of ;. When the parameter
is less than 1, the coarsening ratio for the first coarse grids in the sequence is quite low as condition
(12) severely limits the coarsening process. At some point in the process, the grids are close enough to
being isotropic that the coarsening proceeds almost without limitation, and hence the coarsening ratio
approaches the standard 8:1.

The algorithms outlined above sweep over all cells, with a few operations at each cell. The work of decid-
ing how to coarsen is hence of the order of N (where N is the number of cells), which is consistent with
multigrid. The work of constructing the coarser grid, and the work of intergrid transfers, is equivalent
to the work required for uniformly coarsened grids. For problems where the ‘decision’ process has to be
done for every multigrid cycle, the cost of the set-up phase may be quite large compared to the actual solu-
tion phase. For the pressure equation in a fractional step method, however, the matrix coefficients (and
hence the coarsening ‘decisions’) are unchanged during the simulation, and hence the cost of the set-up
phase is completely negligible.
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Fig. 2. Sequence of grids created by i, = 0.85. Numbers above the grids indicate planes being left uncoarsened in the i-direction by
each algorithm (1 due to coefficient anisotropy, 2 due to an odd number of cells). (a) Finest grid level, 16? cells, AR = 10. (b) Coarse
grid level 1, 132 cells, AR = 4.5. (c) Coarse grid level 2, 92 cells, AR = 2.2. (d) Coarse grid level 3, 52 cells, AR = 2.2.

3.3. Intergrid and coarse grid operators

For problems with smoothly varying coefficients, standard tri-linear prolongation and coarse grid oper-
ators defined by direct discretization on the coarse grids are commonly used. For problems with coefficient
discontinuities, however, operator-dependent prolongation and Galerkin coarse grid operators have been
shown to improve the convergence rate [5]. In the present work, coefficient discontinuities occur whenever
there is a large difference in cell size between adjacent cells. For purposes of numerical accuracy, it is stan-
dard practice in DNS and LES to use grids with smooth stretching, and hence the discontinuities are ex-
pected to be relatively small on the finest grid. Due to the fact that the semicoarsening algorithm
typically coarsens small cells and leaves larger ones, the difference in cell size between adjacent cells is nor-
mally kept within a factor of 2. For these reasons, standard tri-linear prolongation and coarse grid oper-
ators defined by direct discretization on the coarser grids are used in this work. These choices also ensure
that the coarse grid stencils consist of only seven points, whereas a Galerkin operator would consist of 27.
The parallelization of the smoother is better with a 7-point stencil, since the two-colour RBPGS completely
decouples the grid points. The restriction operator is residual summation, which makes physical sense in the
context of a finite volume method [1].
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Grid level

Fig. 3. Number of cells at each grid level for unit cube with 96 cells and AR = 100 on the finest grid. O: piyim = 0.72; O: piyim = 0.78; -
Wim = 0.87; A pyim = 0.96; +: 1, = 1.00; —: slope for 8:1 coarsening ratio.

3.4. Choice of parameters

Apart from the parameter py;,,, the number of smoothing sweeps (v, v,) (before and after the coarse grid
correction, respectively) and the over-relaxation factor w need to be determined in order to fully specify the
multigrid algorithm. For simplicity, only V-cycles have been considered in this work.

Eq. (1) is solved with the source term ¢ = 0 and with an initial field that is randomized. The domain is a
unit cube, i.e., 0 < x, y, z < 1, and grids with varying degrees of stretching are used. The stretching is deter-
mined by
1 tanh (y(1 — 21/Ny,))

[—7
X; =

2 tanh (y) ’

1=0,...,N;, de{xy,z}, (14)

where x/, is the d-coordinate of the /th grid line in that direction, N, is the number of grid cells in that direc-
tion, and y is a stretching parameter. All grids consist of 64> cells (i.e., N, = 64), and the stretching of each
grid is quantified by the maximum cell aspect ratio AR.

Initial tests show that the performance is relatively insensitive to the number of smoothing sweeps, but
that v=v; + vo =4 or 5 give good results for the different grids. In the following, (vi,v,) = (2,3) is used
exclusively.

An example of the convergence history is shown in Fig. 4, where ||r|| is the L,-norm of the residual. The
residuals in the figures have been normalized by their initial values. The results from two different grids are
shown, one uniform (AR = 1) and one moderately stretched (AR = 10). For the latter, three different values
of the parameter y;,, have been used.

In Fig. 4(a), the residual norm is plotted versus the number of multigrid cycles. First, it is seen that the
convergence with p;, =1 (AR = 10) is very poor, even for this moderate stretching (note that the over-
relaxation parameter @ had to be increased for this case to converge). For lower values of py;,,, the rate
of reduction of the residual norm is much improved.

In Fig. 4(b), the residual is plotted versus the number of work units (WU). One work unit is defined here
as one smoothing sweep on the finest grid, neglecting the cost of residual evaluations and intergrid trans-
fers. The fact that the uniform grid (AR = 1) requires the least amount of work is now clearly seen. This is
to be expected, since it is a considerably less challenging problem to solve than the stretched grid case. For
the stretched grid, the convergence when plotted versus work units is actually faster for the py;,, = 0.87 case
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Fig. 4. Convergence history of residual norm |l +: AR =1, w = 1.15; O: AR =10, o = 1.15, wjr, =0.71; O: AR =10, w = 1.15,
tim = 0.87; &: AR =10, o = 1.5, py;m = 1. (2) Residual versus MG-cycle. (b) Residual versus work unit WU.

than the uy;, = 0.71 case, opposite from the case before. This is due to the fact that the lower value of py;,
generates coarse grids with relatively more cells, and hence the cost of each smoothing sweep is higher.

To measure the performance of the algorithm, some definitions are needed. The convergence factor p is
defined as [1]

||r"||)‘/<"">
p= ; 15
(nrkn (15)

where [””| is the residual norm after iteration m. From the definition, p is the average reduction in residual
norm between iterations (MG-cycles) k and n. As seen in Fig. 4, the rate of convergence only approaches its
asymptotic value after about four iterations, and hence k = 4 is used throughout this study, while # is the
number of iterations to convergence (typically about 10).

In many studies of multigrid, the computational cost is measured in work units, as defined above. The
cost of intergrid transfers (restriction and prolongation) is often neglected, as is the evaluation of residuals.
For costly smoothers, such as block-implicit methods, this is probably a quite reasonable estimate of the
cost, but for multigrid algorithms with cheap smoothers (such as RBPGS) this simplification is not justified
at all. The cost of a residual evaluation is about one WU, and the restriction and prolongation operators
are of similar cost. For these reasons, the concept of WU is not considered to be an accurate measure of the
work for the present method, and hence the computational cost is measured by timing the code directly.
This measure is of course machine dependent, and should be viewed in a relative sense.

The CPU time per iteration ¢ is plotted as a function of y;,, in Fig. 5(a) for a representative grid. The cost
t decreases with increasing tu;m, since higher values of pu;, are less restrictive on the coarser grids. The algo-
rithm then generates grids with fewer cells, which decreases the cost per iteration. The convergence factor p,
which is plotted in Fig. 5(b), increases with py;,, as expected. This is simply due to the fact that the coarser
grids have been coarsened in directions where the smoother cannot adequately smooth the error. Note that
as o is increased, the convergence improves for high py;,, but becomes worse for low p;,,. The more aggres-
sive coarsening with a higher py;,,, generates grids that are, on average, more suitable for a higher over-relax-
ation parameter as per Yavneh’s [4] findings. Since the convergence factor is clearly a function of both py;n,
and w, the optimal values of each parameter depends on the value of the other.

To get a good measure of algorithm performance, the CPU time per iteration is normalized as

.
—logjpp’

r (16)
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Fig. 5. Computational cost and convergence factor for grid with AR = 10. (a) CPU time per iteration. (b) Convergence factor p. O:
w=1.15; +: v =1.50.

which means that 7 is the time it takes to reduce the residual by one order of magnitude. The normalized
cost 7 for three grids with different maximum aspect ratios is shown in Fig. 6(a)—(c). The optimum combi-
nation of y;, and w is different for the different grids, but some trends can be seen. First, higher values of

1.6/ 1.6 Y/ ';"\—d/;}:.—‘—if\w
15 15 &J 9 "
1.4f 14 /& \”s\/\\
3 3 B S
1.3+ 1.3 )
1.2 1.2 2
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075 08 08 09 095 1
(a) (b) Miim
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1.5 ‘l‘.
1.4 ;‘v
3 3 |
13- 14 ;
1.2
1.1
; 12
075 08 0.85 0.9 0.95 1
(c) (d) Hlim

Fig. 6. Contours of 7 scaled by the lowest value for each grid. (a) AR = 10. Six contours between 1.05 and 1.3. (b) AR = 100. Six
contours between 1.05 and 1.3. (¢) AR = 1000. Six contours between 1.05 and 1.3. (d) Contour at 1.15. —: AR = 10; —: AR = 100; ——:

AR =1000.
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Wim require higher values of w, which is an effect of the coarse grids being closer to those generated by stan-
dard, uniform, coarsening. For such grids, Yavneh [4] suggests over-relaxation parameters of 1.75 and
above. Second, the optimum value of py;,, increases with the maximum aspect ratio of the grid. This is
due to the fact that the grid with higher stretching has a larger number of coarse grids, and hence a higher
computational cost. This increased cost becomes more pronounced for lower values of 1;,, which results in
an optimum value that is higher.

A single contour of 7 at a value 15% higher than the optimum is plotted for each grid in Fig. 6(d). From
this, pim = 0.92 and w = 1.45 are taken as compromise values, yielding convergence within 15% of the opti-
mum for each grid.

4. Results

To further test the multigrid algorithm, several test cases are considered. First, the three-dimensional
unit cube from the previous section is used to examine the cost scaling and the parallel efficiency. Second,
the LES grids in plane channel flow and the flow around a wall mounted cube are considered.

4.1. Three-dimensional unit cube

The Poisson equation is solved on domains and grids similar to those in Section 3.4. The number of cells
in each direction is N, € {16,32,48,64,80,96}, and two different degrees of stretching are used: AR =1
(uniform grid) and AR = 100. The compromise values of i, = 0.92 and @ = 1.45 are used for the stretched
grids, while the uniform grids use the theoretically optimum value of w = 1.15.

The normalized computational cost is shown in Fig. 7, where N = N3 is the total number of cells. The
cost for the uniform grid scales linearly with N, which is characteristic of multigrid algorithms. The cost for
the stretched grid does not scale linearly, but rather like 7 ~ N8, Using curve fits, the normalized CPU
time on a single CPU is

- {4.7 x10°N (s), AR =1,

~

17
1.8 x 10°°N"® (s), AR = 100. (17)

>
10" | *
//4-/
— 10° o
\E/ -
T4 /qf/
107"}
+//
10" 10° 10°
N

Fig. 7. Computational cost versus number of grid points. O: AR =1; +: AR =100; —: Eq. (17) AR =1; ——: Eq. (17) AR = 100.
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Hence, the present semicoarsening algorithm does not show textbook multigrid efficiency. For the grid sizes
considered here, the cost on the highly stretched grid is about 2-5 times that of the uniform grid. Compar-
ing this to more complex multigrid solvers for anisotropic problems, such as ones with sweeping plane
smoothers, the cost scaling is worse, but the cost /evel is probably comparable even for quite large grids.
As will be seen later, the true benefit of the present semicoarsening algorithm is its high parallel efficiency,
which results partly from the use of the RBPGS smoother.

The code is parallelized using MPI and run on up to 8 CPUs on a cluster of AMD Athlon XP machines.
The communication is handled by an ethernet switch. The parallel efficiency is measured as

i(1)

n(p) i(p) (18)
where p is the number of processors. The results are plotted in Fig. 8. As expected, the efficiency improves
with increasing grid size. The efficiency is slightly higher for the stretched grids, since there are more grid
levels with large numbers of cells compared to the uniform grids. The efficiency is above 0.92 up to eight
processors for grids with 32° cells or more, which corresponds to 4096 cells per processor. With 16* cells
(512 cells per processor) the efficiency drops to about 0.73, a quite high value for such a coarse grid.
The increases in parallel efficiency seen for some cases (most notably for the 32° stretched grid) are probably
effects of cache performance. In this work, no cache optimization has been performed, and any such in-
creases in performance are completely fortuitous.

To really test the parallel efficiency, computations on a larger number of CPUs would be necessary. This
being said, the fact that the efficiency is high even on the coarse grids used here (~4000 cells per processor)
suggests a high degree of parallelism.

4.2. Plane channel

The plane channel flow is a standard test case for large eddy simulation, and has been solved here using a
fractional step algorithm similar to Zang et al. [6] for purposes of evaluating the multigrid algorithm for
such types of grids. The size of the domain is (2r,2,n/2) for channel A, and (2x,2,2n/3) for channels B
and C, in the streamwise, wall normal, and spanwise directions, respectively. The number of cells ranges
from 32 to 96 in the various directions. Three different types of grids are considered, with details given
in Table 1. Channel A is at low Reynolds number and has a resolved inner region of the boundary layer.
For this reason, the maximum cell aspect ratio is a relatively modest 32 close to the wall, due to the need to
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Fig. 8. (a) Uniform grid (AR = 1). (b) AR = 100. Parallel efficiency for different grids. O: N = 16%; +: N = 323, [0: N = 64%; &: N = 96°.
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Table 1

Channel flow details

Case Re, Wall BC (N, Ny, N>) AR, wall AR, core
Channel A 395 Resolved (64,64,48) 32:1:11 3:2:1
Channel B 4000 Schumann (32,48,32) 8:1:3 3:1:1
Channel C 2000 RANS (32,96,32) 393:1:131 3:1:1

resolve structures in the spanwise and streamwise directions. Channels B and C are at high enough Rey-
nolds numbers that the inner region of the boundary layer cannot be resolved, and hence it has to be mod-
eled. The wall model in case B is the algebraic model by Schumann [7], for which the cell adjacent to the
wall is very coarse in all directions. In channel C the wall layer is modeled by a Reynolds Averaged Navier—
Stokes (RANS) model that only requires the wall normal direction to be well resolved, and hence this grid
has a much higher AR.

The time-averaged streamwise velocity is shown in Fig. 9, and it is seen that the results are reasonable.
The well resolved channel A is in close agreement with the analytical profiles, as is channel B with the Schu-
mann [7] model. Channel C shows an interesting and well-known trend: the results are correct, except for a
jump in the velocity immediately outside of the LES/RANS interface (located at y* = 65). This is an ongo-
ing area of research and is related to the lack of turbulent structures in the LES region adjacent to the inter-
face (see, e.g., Piomelli and Balaras [8]). The lack of turbulent structures forces the velocity gradient to
increase in order to maintain balance of the stresses.

The convergence factor and the CPU time required to solve the Poisson equation are averaged over five
timesteps, and the normalized CPU time 7 is plotted in Fig. 10. Two results are plotted for each case: one
using the compromise values of yy, = 0.92 and w = 1.45, one using the combination found to give the best
performance for each case. As can be seen, the compromise values yield convergence that is about 30%
worse compared to the optimum for each case. On the one hand, this shows that some tuning of these
parameters is necessary to obtain the fastest convergence possible. On the other hand, it also shows that
the compromise values yield reasonable results even for widely different cases. This is taken as a sign that
the algorithm is relatively, but not perfectly, robust as far as different grid anisotropies are concerned.

Also plotted in the figure are the curve fits to the results for the three-dimensional cube from Eq. (17). It
is seen that the performance for the channel flows agrees quite well with the cube results. Channels A and B
have maximum aspect ratios between 1 and 100 and are located between the two curve fits, while channel C,
as expected due to its higher grid stretching, has a higher computational cost.

10 10 10

Fig. 9. Time-averaged streamwise velocity. +: channel A; O: channel B; (I: channel C; ——: u* = y*; —— u* = 2.44logy* + 5.2.
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Fig. 10. Computational cost versus number of grid points. Open markers use uy;m = 0.92, @ = 1.45. Filled markers use the best
combination for each case. O: channel A; [0: channel B; <: channel C; A: wall mounted cube; —: Eq. (17) AR =1; ——: Eq. (17)

AR =100.

4.3. Wall mounted cube

To test the algorithm on a complex geometry, the flow around a wall mounted cube is considered. A
cube with dimension H is mounted on one wall of a plane channel, a flow that was studied experimentally
by Martinuzzi and Tropea [9] and numerically by many authors (see, for example, Rodi et al. [10]). The

:

Flow direction

-3.5

T

-0.5
0.5

3.5
-3 0 1 7

Fig. 11. Computational domain for the wall mounted cube.
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Fig. 12. Time-averaged streamlines around the wall mounted cube. (a) Close to the floor. (b) Slice at z = 0.

Reynolds number based on cube height and bulk velocity is 40,000, and the inlet velocity profile is taken
from the experiments by Martinuzzi and Tropea [9].

The geometry is shown in Fig. 11. The grid used here is a multiblock grid with 17 blocks, with stretching
performed in all directions. It is used with a simple algebraic wall function, and hence the maximum aspect
ratio is a modest 35. The grid consists of 436,696 cells.

Fig. 12 shows time-averaged streamlines, and the complexity of the flow can be appreciated from the
figures. A horseshoe vortex is formed upstream of the cube, and it curves around the sides of it. The flow
is separated on the sides and on top of the cube, and a wake is formed downstream.

The normalized CPU time 7 is plotted in Fig. 10, and as can be seen the computational cost agrees well
with the results for the unit cube. This indicates that the semicoarsening algorithm is relatively robust for
different geometries, since it yields predictable convergence performance for several different kinds of grids.
As was the case for the channel flows, the compromise values of ;, and @ do not yield optimum perfor-
mance, but rather about 30% worse than what can be achieved by case-dependent tuning.

5. Summary

A conditional semicoarsening multigrid algorithm that maintains a reasonably high convergence rate
even on highly stretched grids has been investigated. The algorithm displays high parallel efficiency, mainly
due to the inherent parallelism of the RBPGS smoother. The smoothing behaviour predicted by local Fou-
rier analysis is used to determine how to coarsen the grid, and while the grids are not optimal in terms of
how they reflect the local anisotropy, they do maintain a structured topology at all levels. Several numerical
experiments were performed to determine the parameters involved. The combination uy;, =0.92 and
o = 1.45 was found to yield convergence within a computational cost of about 30% of the optimum for
all cases studied. The optimum combination was found to be case dependent, and some tuning on a
case-by-case basis is required to find this combination. This being said, the fact that performance within
30% of the optimum can be achieved by one combination for the many cases studied here suggests that
the algorithm is relatively robust with respect to grid anisotropies.

The computational cost does not scale linearly with the number of grid cells, but rather like ~N"'® for
grids with a maximum aspect ratio of 100. While the scaling is not optimal, the actual cost level is compet-
itive with other multigrid algorithms for anisotropic problems, especially in parallel situations. Parallel effi-
ciencies of above 90% were found for grids with as few as 4096 cells per processor.
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